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- AKagemMn4yecKkmni onbiT:

« Jlekunn no ML n Advanced ML B M®TU, kypcbl no ML ans 6usHeca
« AccucteHT Ha Kadeape SAS BLLI3: npoeKTbl N0 aHaM3y AaHHbIX, NEKLUMN U CEMUHAPbI

- [lnaHuWpyeTcs 3aWmMTa KaHaAMOaTCKOM Ancceptaumm no teme Time Series Forecasting

Sas

2



A Reinfor hventory




A Reinforcement Learning Approach for Inventory

Optimization in Retail
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A Reinforcement Learning Approach for Inventory

Optimization in Retail
KaK yCTpoOeH pac4éT 3aKa3oB B pUTENN?
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A= Order Upto Level — Re — Order Level Order Upto Level

Re-Order Level

Safety Stock:
CTpaxoBomn 3anac

Bpems

NMNOCTaBKU MOCTaBKH

e Kak npasuno, gna marasmHos A = 1 (ctpaTteruna Base Stock, BS) BpeN\Fl

* Kak npasuno, ana cknagos A = EOQ (popmysta Yuscona) (ctpaterua Safety Stock, SS) §.SaS.



A Reinforcement Learning Approach for Inventory
Optimization in Retail

* OYyeHb CNOKHBIMNPOoLect (SKCMePTHbIN)

* HeonTMManbHO

* ONACKYNbHAA aHaINTUKA



A Reinforcement Learning Approach for Inventory

Optimization in Retail
Npea npoeKTa: co3gaTtb RL-moagenb AnAa pacyeTta 3aKa3oB

One approach:
action Q-values

Qls,a)=Elr(s,a)+y-V(s')]

!

S

We can replace
P(5"] s.a)
with sampling

https://www.researchgate.net/publication/222371897 Inventory management in supply chains A reinf
orcement learning approach
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A Reinforcement Learning Approach for Inventory
Optimization in Retail

* PeasibHble AaHHbIE:
* 1000 marasnHoB
* 31043 UCTOPUK AAHHbIX
* Pe3ynbTar:
* DpeMBOPK AN1A MOAEIMPOBAHMA NPOOAXK
* RL-moaenb
* Tool — Python (PyTorch)
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Using Deep Learning algorithms for demand
forecasting in Retail

e Results one of survey about DL for ts-forecasting:
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https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0194889
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Using Deep Learning algorithms for demand
forecasting in Retail

e Results one of survey about DL for ts-forecasting:
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Using Deep Learning algorithms for demand
forecasting in Retail

e Results one of survey about DL for ts-forecasting:

17.00
15.00
13.00
11.00
9.00
7.00

5.00

ML Methods

14

9.48 9.49

https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0194889

15.79

11.72

Sas

2


https://journals.plos.org/plosone/article?id=10.1371/journal.pone.0194889

Using Deep Learning algorithms for demand
forecasting in Retail

* PeasibHble AaHHbIE:
* 1000 marasmnHos, 10 000 ToBapos
* 31043 UCTOPUK AAHHbIX
* beHYMapK — peasibHasa NpeaAnKTUBHAA MOAE/b

* Tool — Python
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Robust price elasticity model in Retail

[Moyemy Npu POCTE LIEH NPOAAXKM He NaaatoT?
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Robust price elasticity model in Retail

Naes: NoCTPoOUTb MePaPXMYECKY0 MOAENb 3NACTUYHOCTH

MNpasgHuKu
[HanpaeaeHnue/Cetb]

Ce30HHOCTb
[KaTeropus/Cetb]

TpeHg
[KaTteropusa/MarasuH]

Mpomoakuumn
[Cy6kaTeropus/PernoH]

YKU3HEHHbIN LUKA
[Cy6kraTeropus/MarasuH]

Basosble npogaxu [SKU] ﬁ d\
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