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Modern Generative Models for Images

Text prompt: woman'’s transparent Text prompt: Chicken with Text prompt: 1967 Dodge Charger,
futuristic inspired sneakers, glitter,  potatoes baked in mayonnaise-sour moody lighting, side view, black,
depth of field cream sauce front view, lobby of the Louvre ...

Kandinsky Shedevrum midjourney



Evolution of Generative Models

2013-2014 2015-2017 2019-2021 2022 2024
Initial attempts Active development of Diffusion-based First inspiring large Powerful text-to-video models
to learn (primarily GAN-based) algorithms, models are text-to-image appear based on diffusion models.
generative first convincingly scalable image introduced and models appear
models; generation models appear. actively developed. (based on diffusion
VAE/GAN models).

algorithms



Principal Approaches to Generative Modeling'?

Adversarial models (GANs, 2014)
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llan Goodfellow et al. (2014). “Generative adversarial nets”.

systems, pp. 2672-2680.

Diffusion Models (DM, 2019)
Forward SDE (data — noise)
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Reverse SDE (noise — data)
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